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A Proposal for the
Dartmouth Summer
Research Project on

Artificial Intelligence

August 31, 1955

John McCarthy, Marvin L. Minsky,
Nathaniel Rochester,
and Claude E. Shannon

W The 1956 Dartmouth summer research project an
artificial intelligence was Initiated by this August
31, 1955 proposal, authored by John McCarthy,
Marvin Minsky, Nathaniel Rochester, and Claude
Shannon. The criginal typescript consisted of 17
pages plus a title page. Coples of the typescript are
housed In the archives at Dartmouth College and
Stanford University. The first 5 papers state the
propasal, and the remaining pages mive qualifica-
tions and interests of the four who proposed the
study. In the Interest of brevity, this article repro-
duces only the proposal itself, along with the short
autobiographical statements of the proposers.

guage, form abstractions and concepts, solve
kinds of problems now reserved for humans,
and improve themselves. We think that a sig-
nificant advance can be made in one or more
of these problems if a carefully selected group
of scientists work on it together for a summer.

The following are some aspects of the artifi-
cial intelligence problem:

1. Automatic Computers

If 3 machine can do a job, then an automatic
calculator can be progeammed to simulate the
machine. The speeds and memory capacities of
present computers may be insufficient to sim-
ulate many of the higher functions of the
human brain, but the major obstacle is not lack

Research Project on Artificial Intelligence,
August 31, 1955, Dartmouth
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The results are shown in Table 1 below. @) pe nAl: ?‘Ef@iﬂﬁgﬁAEﬂmﬂm \ZJJ.H_, !
DeepSeek R1 DeepSeek V3 ‘

Vectara's HHEM 2.1 14.3% 3.9%

Google's FACTS w/ GPT-40 & Claude-3.5-Sonnet 437% 2.99% Dee psee k RT ;Ei')]“ ?Ef@im EEIE] 4] JHUZ':i mb !

Google's FACTS w/ GPT-40 & Gemini-1.5-Pro 3.09% 1.99% J‘j}'ﬁ"ﬁ@ﬁ’ﬂ?&ﬂﬂ%ﬂ 'IJ || =

Google's FACTS w/ Claude-3.5-Sonnet & Gemini-1.5-Pro 3.89% 2.69%

Table 1: Hallucination rates of DeepSeek R1and V3 by various hallucination judgment
approaches. Lower hallucination rates are better.

Thus our surprise: consistently across all judgment approaches, Deepseek-R1is
shown to be hallucinating at significantly higher rates than Deepseek-V3.
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